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Sensorimotor Contingencies Theory provides a
strong foundation for a mathematical formalization of the
bootstrapping problem of robot perception.
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In a minimal 2D visual environment,
the agent robustly infers the Extend algorithm to handle multiple and more complex objects.
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* leverage interaction in the object's formalization.
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Environment Transformation * find more scalable prediction functions than permutation maps.
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One sentence summary

We use prediction functions of sensorimotor contingencies to
bind compensable actions to environmental dynamics, allowing
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Hypothesized Prediction

a) Mean global prediction error
The average prediction error is
minimal when the agent's
hypothesis prediction function
corresponds to the equivalent
displacement of the environment.

us to infer displacements in the environment and formalize
proto-objects for agents with minimal a priori knowledge.
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